~ FERI&IT
ASCEI AR HIEH MK 5 5T AR ZE 18I0 5 e 5 1R BUNEN]. B 3515 B 11%,2023,44(3):29-33;51.

GAN Zhaoming, LIN Jiarong. Method for extracting atrial fibrillation signals based on knowledge distillation[J].
Automation & Information Engineering, 2023,44(3):29-33;51.

ETHIRZ BRI BEEE SiRET A

HIEH MR mHFE
(J7ZRIMER, J7ZR 7N 510006)

FEE B3 T U S 35 A 0 2% 4 55 B 5 R ) 2% B R A AE (R S 00 KL 38 58 W R 80 o v A S I 1 25 2
)RR, R T AR ZE TR BE SR AU . R TTVERIBIT N A M R 3 2 1 EEE TG
ML (TCND , i 537008 256 Fl 32, SEIGLE R, RAFNZETEN 7 kT DUR s 2= E g (0t pe, HLAZ%
YRG0 55 S S PR A S A A L T 20m M 2%, MR /N, BT IRESR AR, e M, NERE E
FUAT BR R A TN A AL T 3R KR

KRR AN, USSR WHSCERRML, BUTML, SE %

hE 55 2S: R318;TNI1LY XEkFRERS: A XEHRS: 1674-2605(2023)03-0005-06

DOI: 10.3969/j.issn.1674-2605.2023.03.005

Method for Extracting Atrial Fibrillation Signals Based on
Knowledge Distillation

GAN Zhaoming LIN Jiarong YANG Qiyu
(Guangdong University of Technology, Guangzhou 510006, China)

Abstract: A knowledge distillation based method for extracting atrial fibrillation signals is proposed to address the problems
of large parameter quantities, high computational resource requirements, and poor real-time performance in the dual time domain
convolutional network based atrial fibrillation signal extraction network model. The teacher network and student network of this
method adopt a 3-layer and 1-layer time-domain convolutional network (TCN) with dimensions of 256 and 32, respectively. The
experimental results show that using knowledge distillation can improve the performance of student networks, and compared to teacher
networks, student networks extracted from distilled atrial fibrillation signals have smaller network models, lower computational
resource requirements, and higher real-time performance, providing a theoretical basis for deploying to embedded devices with limited

resources.
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