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Abstract: Elephant herding optimization algorithm is a new meta heuristic optimization algorithm inspired by elephant clan
structure and nomadic behavior. It aims to solve the problem of global optimization. It has the characteristics of less control parameters
and easy implementation, and is widely used in scientific research and engineering fields. Firstly, the principle and flow of elephant
herding optimization algorithm are introduced; Then, the research status of elephant herding optimization algorithm and its application
in control, electrical power, artificial intelligence and other fields are discussed in detail; Finally, the elephant herding optimization
algorithm is summarized and the possible research directions in the future are pointed out.
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